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B adll lapu s pasddil LS 3kl aladiud
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Aae and slawd :Lal) cula 3 Jeland L2 a

i /[ Ll A Ay

ualdiuall
sl e OIS A Glal) sl e gyladl) (bl (e (e ladl) aall Glay) e
& oKl o Sl GLIESY) 5 el 13 3ysha e a5 Al QL) el 6 Gl
0o Aesanal Aue 3T 2 G dgare g0 Bl 55y B zise el Gl

-

Auhy 2y Llanye (240) apaaes (Aaadell Gisadll aall (bl 3S50) (& bl )
S5 ¢ sl dulens g5l (mpaly chaia (19) [Laa) &5 A8 @3 clpial) e e sendl
A L) jaaie OsS Geuls JhaiV) Zsai 5 Suadlll laad¥l zasa jlaal ) eeadl
ahe¥) Y Ayl aladii) &5 WS (Qlas g2 5l Glad) Gal e (0,1) S
e Aaplh oay GA) Ak 5 Gl zisad 5 Sl )zl kel alagY
S sl ABeY) SIS Hiyhl (sl hadl o il Cipell Alsed) AheY) S
(A GBI G (e U i) o (0.1153832) (MSE) il . Juiail)

(O3t 7 3sad eadll g ¢ V] s haliial) cilalsl

Using the Intelligent Methods to Diagnose Chronic Myeloid Leukemia
Based on Regression Models

Abstract

The disease (Chronic Myeloid Leukemia) is a serious disease for human
life so it was important to research the most important reasons that increase
the risk of this disease and early detection is possible. In this study, a model
was used to estimate and predict the incidence of infection. A sample of
(240) patients from the Center for Hematology for Scientific Research was
sampled. After a study of a range of relevant variables, (19) variables were
selected, and for the purpose of the process of diagnosis. The regression
model was chosen for the logistic regression model and the Poisson Conon
regression model was a binary (0.1) and was infected and uninfected. Where
the greatest potential was used to find the capabilities of the logistic
regression model and the Poisson model and another method modified on the
estimated maximum potential. The results showed that the Poisson
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regression of the modified maximum method was the best, with (MSE) being
(0.1153832) which is less than the other methods.
Keywords: Regression, Leukemia, Poisson.

- -

4dadla .

warw s C.M.L (Chronic Myeloid Leukemia) el aall Uaju Gy i
G gl ek ccspaall Aadle Lo vl selis Al eliaull pdl) LA Cuay (Sl
@ dadl o 550l8 jae s daial e dadal ad DA WS a5 gsla Sy bl asag
el Gabanl LY g5 B ) Adgpaall Ll ey el Sally alaall g las
G5 el 138z 3ady calilall ALl dalad) o casmall (aal) o g latD (i paillS paall
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g Wls Al Lapa o adel 3 e s Aal Chte el ) laal) ziga i b
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Jalsall aal vans 8 By [2]( 52505 cdale sil) 228 (2016) ale 3 QS L laleall i
Yl CVLaaYh 55 e (S bl ziser sl il Gabel Bl 8 s S
Johaad) creasinl 3 Alaiul) S sl i) z3ser alasiuly @llds ¢l iaga
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gelin pladin) DA e (el adll Glaj) (e paddill (mjal clpaiall aa) Aul)
s dslall A dnd Zlw Je Jsasll ja il (Visual Basic)

(1) o5 dsx>
sl Gyl e Rl U (365 35 lales ol ceings
JJ;.A
235l M1 M2 3M
b, 1.032723 0.037213 0.982388
b, -0.00838 0.007661 -0.00798
b, 0.008693 -0.00767 0.008269
b 0.034053 -0.02881 0.032394
b, -0.00953 0.008278 -0.00906
b 0.042997 -0.03513 0.040901
b -0.03896 0.021633 -0.03706
b, -0.03202 0.026091 -0.03046
bg 0.015059 -0.00986 0.014325
bqy -0.00655 0.004712 -0.00623
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b;s 0.000184 -0.00016 0.000175
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(2) oo Is>
03 Ayl S Tl il pe Jas i eaa
Cilay e Las s M1 M2 3M
asl)
Silas ya s sia o
Uasl) 0.115832 0.906144 0.143403
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